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Theorem. d is a metric on T
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Minimize the rank
in a disc of radius t

1

Even if the field is finite
such a disc is inﬁnife

Theorem
For a simple noise system, if the field is finite,

A

determining rank(X)
requires only finitely many calculations.

Aim: calculate the stabilization of rank: 7" — N
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O. Gafvert theorem:

A

Calculating rank
IS an NP hard problem
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n=1

Implementing contours

A densn‘y IS an mgerable Funchon f §> B §>O

Defitl C(v t) to be the solution (unlque) x

of the equation: f —
A Tf=t

>

This IS a contour
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Density functions
f: RZQ — R>()

u) = inf{/ rank (1) — rank()) | ¥, v}

. e Funk(R>o, R>0)




Density functions
f: RZO — R>O

() = inf{ [ Jrank(+) — rank()) | ¥, 7]

. rank(HnVR(—))> Funk(R>0, R>0)
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6 point processes on the unit square, containing 200
ECAANRETEE AN points on average

500 instances of
each process
was generated

After choosing a contour 1
we took averages of stable
ranks of the 200 processes in
the training set

200 used for
training

300 used for
testing

These averages are then used
as classifiers
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PAMAP2 DATA (www.pamap.org):

@ 7 subjects were equiped with 3 sensors (IMU)

@ producing 28 measurments every 0.1 second

@ in the following analysis we concidered two
activities of accending and decending stairs.

@ for every subject we have two time series in 28
dim space

@ for each series we sample 100 time slots without
replacement

@ we took 100 such samplings

@ 40 are used as training and 60 for festing

@ after choosing a contour, the average of the 40
train data are used as classifiers


http://www.pamap.org
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Standard contour

S1 awscerd
51_descand
S? ascentd
52_descand

SO ascentd

52 ascend

55 ascend

C1553ﬁ|8|&r10| Hi

Tect sets O+

Sh ascend

S0 ascend

50_cescen

Classifiers HO+HI




Thank youl!



